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Overview

This paper asks how AI writing assistants can assist federal

rule writers. Draft rules must ground authority in statute, re-

flect current science, and persuade diverse audiences. Draft-

ing such rules demands what Frank Pasquale calls meta-

expertise: the ability to arbitrate among competing expert

domains [10], in this case, between legal precision, scien-

tific accuracy, and persuasiveness. I argue that designing for

this meta-expertise is key to building systems that support

rule writers’ expert judgment.

This paper synthesizes HCI scholarship on legal, scientific,

and persuasive writing assistance, drawing on its insights to

outline the task of rule writing. I argue that rule writing’s

blended tasks come with tradeoffs that have consequences

for model accuracy and user trust in AI systems.

Rule Drafting as a Site of HAI Study

HCI scholarship has focused little on rule drafting. The more

popular site of study is the public comment period in rule-

making, with scholarship for detecting fake comments [12],

machine-assisted comment sorting [11], and measuring pub-

lic input’s influence [1]. Legal literature tends to be opti-

mistic about tech’s role in rulemaking [7], but rarely tests ac-

tual tools or designs empirically [4]. We know little about

how rule writers collaborate, share drafts, or manage revi-

sions within agencies [4].

Drafting decisions can have real public consequences. De-

lays and mistakes can be costly. From OSHA to the FDA,

uncontroversial rules often stall for years, delaying needed

protections [3, 6, 9]. Old rules remain on the books even

when outdated; OSHA admits its exposure limits are “out-

dated and inadequate,” yet revising them is rarely prioritized

[8]. Updating old rules requires setting aside drafting time,

money, and political capital, which are resources leaders pre-

fer to spend elsewhere.

Tradeoffs in RuleWriting

Figure 1. The figure shows the three stages of rulemaking: initiating a rulemaking, drafting the rule, and revising the rule

based on public input. HCI scholarship to date has focused on the final step, specifically processing public comments.

Balancing legal precision, scientific validity, and persuasive

clarity affects both user-interface and recommendation de-

cisions.

Clarity: There is an intelligibility tradeoff between legal

writing and persuasive writing that the AI tool might

model. Legal documents are often unclear to readers:

when should the tool preference rule clarity over

precision in language? Simplifying syntax can improve

readability but strip necessary scientific or technical

jargon.

Nuanced recommendations: While an AI-supported

legal writing task might focus on precise and accurate

legal reference retrieval, an AI-supported persuasive

writing task might be open-ended idea-generation. This

kind of efficiency-ideation tradeoff is discussed variously

in the literature; for example, should an assistant give

multiple suggestions for phrases to use in a draft?

Assistants might indicate whether a suggestion is legal,

scientific, or persuasive in nature.

Bias & hallucination risks: Summaries or corrections can

misstate legal or scientific facts. Users may benefit from

clear, task-specific rationales for each recommendation

to calibrate trust and avoid over-reliance.

Future Directions

In future work, I will explore tradeoffs in rule writing by con-

ducting a walkthrough and audit of a federal government-

procured, open-source policy platform GAMECHANGER.

The tool, suggested for use in policy drafting, draws on a

BERT-based model for open-ended question-asking [2]. By

investigating their implementation, I aim to surface opportu-

nities for improving AI writing assistants in policy settings.

Figure 2. The user interface of the GAMECHANGER platform.

Future interviews with rule writers will map when and how

AI should surface sources, balance recommendations across

domains, and signal their relevance. By attending to this

design space [5], I aim to develop AI systems that

meaningfully support expert judgment.
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